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ABSTRAK

Berita online telah menjadi sumber utama informasi bagi masyarakat
Indonesia, namun banyaknya berita online sering kali membuat pembaca kesulitan
menemukan berita yang sesuai minat. Penelitian ini bertujuan mengembangkan
sistem agregasi berita berbasis web yang dapat melakukan Klasifikasi, clustering
dan peringkasan secara otomatis terhadap artikel berita online berbahasa Indonesia
menggunakan kecerdasan buatan. Sistem ini dibangun menggunakan pendekatan
pengembangan ADDIE dan implementasi perangkat lunak dengan metode
Waterfall. Proses dimulai dari scraping artikel dari Kompas dan TribunNews pada
Juni 2025, menghasilkan 37.187 artikel. Model klasifikasi yang digunakan yaitu
BLSTM-2DCNN vyang dilatih menggunakan dataset Indosum mencapai akurasi
86% dan F1-score 0.85. Clustering dilakukan menggunakan k-means berdasarkan
kategori dan rentang waktu lima hari. Evaluasi menggunakan CH-Index
menunjukkan nilai rata-rata 80.87. Untuk peringkasan, digunakan model BART
yang di-fine-tuning, dengan ROUGE-1, ROUGE-2, dan ROUGE-L masing masing
meningkat menjadi 0.6434, 0.5510, dan 0.6077. Sistem yang dibangun menyajikan
artikel yang telah diklasifikasikan, dikelompokkan dan diringkas melalui
antarmuka berbasis Flutter dan backend Flask.

Kata Kunci: Agregasi Berita, Clustering, Klasifikasi, Peringkasan

Vi


mailto:ihsanghozizulfikar@upi.edu

INTELLIGENT NEWS AGGREGATION SYSTEM WITH AUTOMATIC
CLASSIFICATION, CLUSTERING, AND SUMMARIZATION

Arranged by
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2103303

ABSTRACT

Online news has become the primary source of information for Indonesian
society; however, the overwhelming number of news articles often makes it difficult
for readers to find content relevant to their interests. This research aims to develop
a web-based news aggregation system capable of automatically performing
classification, clustering, and summarization of Indonesian online news articles
using artificial intelligence. The system was designed using the ADDIE
development framework and implemented with the Waterfall software development
method. Data were collected by scraping articles from Kompas and TribunNews in
June 2025, resulting in 37,187 articles. The classification model employed a
BLSTM-2DCNN trained on the Indosum dataset, achieving an accuracy of 86%
and an F1-score of 0.85. Clustering was performed using k-means based on news
categories and a five-day time window, with evaluation using the CH-Index yielding
an average score of 80.87. For summarization, a fine-tuned BART model was
applied, producing ROUGE-1, ROUGE-2, and ROUGE-L scores of 0.6434,
0.5510, and 0.6077, respectively. The developed system presents classified,
clustered, and summarized articles through a Flutter-based interface with a Flask
backend, enabling readers to access information more efficiently and
comprehensively.

Keywords: Classification, Clustering, Summarization, News Aggregation.
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