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ANALISIS PENGARUH SENTIMEN MASYARAKAT INDONESIA DI
MEDIA SOSIAL X TERHADAP MODEL PREDIKSI HARGA SAHAM
ALFAMART MENGGUNAKAN ALGORITMA DEEP LEARNING

ABSTRAK

Pergerakan harga saham dipengaruhi oleh berbagai faktor, termasuk
kondisi fundamental perusahaan, tren pasar, serta opini publik. Seiring
meningkatnya penggunaan media sosial, analisis sentimen publik menjadi
pendekatan yang semakin relevan dalam bidang prediksi harga saham.
Penelitian ini bertujuan untuk menguji apakah data sentimen masyarakat
Indonesia di media sosial X (sebelumnya Twitter) dapat mempengaruhi
akurasi model prediksi harga saham PT Sumber Alfaria Trijaya Tbk (AMRT).
Hal ini didasarkan pada temuan dari beberapa studi sebelumnya yang
menunjukkan bahwa sentimen publik dapat meningkatkan performa prediksi
harga saham perusahaan-perusahaan besar seperti Google, Apple, Tesla, dan
Telkom. Penelitian ini membangun model prediksi harga saham
menggunakan tiga algoritma deep learning yang berbeda, yaitu Recurrent
Neural Network (RNN), Long Short-Term Memory (LSTM), dan Extreme
Learning Machine (ELM). Model dikembangkan dalam dua skenario:
pertama tanpa data sentimen, dan kedua dengan penambahan fitur sentimen
publik sebagai variabel inmput. Data sentimen diperoleh melalui proses
crawling dari media sosial X, kemudian diklasifikasi menggunakan tiga
pendekatan, yakni Lexicon-Based, Neural Network, dan pre-trained BERT.
Model BERT dipilih sebagai pendekatan terbaik berdasarkan evaluasi F1-
score dan digunakan untuk memberi label pada seluruh dataset sentimen.
Hasil pengujian menunjukkan bahwa meskipun integrasi data sentimen dapat
menambah konteks dalam prediksi, namun pengaruhnya terhadap
peningkatan akurasi model tidak selalu signifikan. Algoritma ELM
menunjukkan performa terbaik secara keseluruhan dengan nilai R* mencapai
89,15% pada skenario tanpa sentimen. Penambahan fitur sentimen justru
memberikan penurunan performa pada beberapa algoritma. Temuan ini
menegaskan bahwa meskipun data sentimen berpotensi memperkaya model
prediktif, penerapannya pada sektor ritel seperti AMRT membutuhkan
pengolahan yang lebih selektif dan kontekstual.

Kata Kunci: Prediksi Harga Saham, Sentimen Publik, Media Sosial X,
RNN, LSTM, ELM, Deep Learning, AMRT.



ANALYZING THE IMPACT OF INDONESIAN PUBLIC SENTIMENT
ON SOCIAL MEDIA X ON ALFAMART STOCK PRICE PREDICTION
USING DEEP LEARNING ALGORITHM

ABSTRACT

Stock price movements are influenced by various factors, including a
company’s fundamentals, market trends, and public opinion. With the
increasing use of social media, public sentiment analysis has become an
increasingly relevant approach in stock price prediction. This study aims to
examine whether Indonesian public sentiment on social media platform X
(formerly Twitter) can affect the accuracy of stock price prediction models for
PT Sumber Alfaria Trijaya Tbk (AMRT). The research is motivated by
previous studies that demonstrate the use of sentiment data can enhance stock
prediction performance for companies such as Google, Apple, Tesla, and
Telkom. This research develops stock price prediction models using three
different deep learning algorithms: Recurrent Neural Network (RNN), Long
Short-Term Memory (LSTM), and Extreme Learning Machine (ELM). The
models are evaluated in two scenarios: first, without sentiment data, and
second, with the inclusion of public sentiment features as additional input
variables. Sentiment data were collected through a crawling process on social
media X and classified using three methods: Lexicon-Based, Neural Network,
and a pre-trained BERT model. The BERT model was selected as the best
classifier based on Fl-score evaluation and was used to label the entire
sentiment dataset. The results indicate that while the integration of sentiment
data can add contextual value to the prediction, its impact on improving
model accuracy is not always significant. The ELM algorithm achieved the
highest performance overall, with an R? score of 89.15% in the scenario
without sentiment. In some cases, the inclusion of sentiment features even
reduced model performance. These findings suggest that although public
sentiment data has potential to enrich predictive models, its application in the
retail sector such as AMRT requires more selective and context-aware
preprocessing.

Keywords: Stock Price Prediction, Public Sentiment, Social Media X,
RNN, LSTM, ELM, Deep Learning, AMRT.

Vi



DAFTAR ISI

LEMBAR HAK CIPTA ...ttt il
LEMBAR KEASLIAN SKRIPSI DAN ANTI PLAGIARISME ................. v
ABSTRAK ...ttt v
ABSTRACT ..ottt st vi
DAFTAR IS ...ttt vii
DAFTAR GAMBAR ...ttt X
DAFTAR TABEL......ooiiiiiiieieeeee ettt e Xi
DAFTAR KODE PROGRAM .......ooiiiieiieieeeeceeee et xii
Daftar PUStaka .......cooueiiiiiiiieieceeee e Xiii
BAB I PENDAHULUAN ..ottt 1
1.1 Latar BelaKang ...........cocooiiiiiiiiiiiiieeeeee e 1
1.2 Rumusan Masalah ...........ccooiiiiiiniiiieee e 4
1.3 Tujuan Penelitian..........ccoovieiiiiiiiiiiee e 4
1.4 Batasan Penelitian ............ccoceeviriinieniieienieceeeecee e 5
1.5 Manfaat Penelitian ...........cccooouieiiiiiiiiieiieeee e 6
1.6 Struktur PenuliSan ..........cccceeiiieiiiiiiieieeieeeeee e 6
BAB II KAJTAN PUSTAKA ...t 7
2.1 TINJAUAN TEOTTLIS . c...evvrevieieriieieete ettt 7
2.1.1 Sentimen Masyarakat...........cccceeeriieeiieeeiiieeieeeee e 7
2.1.2 Media S0Sial X ....ooiiiiiiiiieiieeee e 8
2.1.3 Pasar Saham dan Harga Saham...........cccccoceviniiniincniinicnee. 10
2.1.4 Alfamart (PT Sumber Alfaria Trijaya Tbk) .....ccccceovvvevivienneenee. 11

2.2 Tinjauan TeKNolO@i.......cceevuieriiieiierieeiiesie et 13
2.2.1 Pengolahan Data TeKs ........c.ccccvuveeiiieeiiieeieeciecce e 13
2.2.2 AnalisisS SeNtIMEN....c..covueriiriiiirieniieiente ettt 15
2.2.3 Deep Learning........ccceecveeeiiieeiiieeiie et 21
2.2.4 Evaluasi Model........c.ccooeriiniiiiiiiiiiiieccceceeeee 27

2.3 Tinjauan Penelitian Terdahulu.............ccooovvieiiiiniiiiniee e, 29
BAB IIIl METODE PENELITIAN.......c.coiiiiiiieieeeeeie e 32
3.1 Desain Penelitian..........coceiiiriiiinieniiiieieneeieceseee e 32
3.2 Analisis Kebutuhan Penelitian ............ccooooiiiiiiniiiiiiiieicee 33
32,1 DA i 33

vii



3.2.2 Algoritma yang Akan Digunakan............ccccecceveveniinenienicnnennns 35

3.2.3 Lingkungan Implementasi............ccceeevueeerreeerieesiieesiieeeee e 36
3.3 Perancangan dan Implementasi Sistem Prediksi Harga Saham......... 37
3.3.1 Pengumpulan Data..........cccceeviieniieiiieniieiieieeieesee e 37
3.3.2 Pengolahan Data TeKs ..........ccccveeviiiiiiiieieeeieeeeeeee e 39
3.3.3 Klasifikasi Sentimen dan Integrasi Data...........c.cccceevevvenreennennne. 40
3.3.4 Exploratory Data Analysis (EDA) .....c.cccooveeveieeciieeieeeieeeen, 43
3.3.5 PrEPFOCESSING ....ooevveeeieeeiieeeieeeeieeeeieeesteeeiaeesareesaeeesaeeennsee s 44
3.3.0 TTAIMING ..ottt ettt et 46
3.4 PONGUJIAN.....ccoiiiiieiiieiieeie ettt ettt ebeestaeenbe e 49
3.5 EVAIUAST c.contiiieiieeeeee e 50
BAB IV HASIL PENELITIAN DAN PEMBAHASAN .....ccccooveievieieee 51
4.1 Hasil Pengumpulan Data............cccceeevieriieiiieniieiieiecieecee e 51
4.1.1 Dataset SAhAM ..........cccoevouiiiiiiiieiieeie e 51
4.1.2 Dataset SENIMEN ........ceueeeeruieriieieriienie ettt 53
4.2 Hasil Pengolahan Data Teks.........ccccceccuiveiiieniieeniiceieeeeeee e 54
4.3 Hasil Klasifikasi Sentimen...........cceccueevieniieniieeiienie e 56
4.3.1 Pendekatan LeXiCon ..........coveeriiriiiniiiiiiniciicceeeee e 57
4.3.2 Neural NEtWOFK ..........cccccuveecieeeiieeecieeeeie et 57
4.3.3 BERT ..ottt e 58
4.3.4 Perbandingan KIasifikasi ........ccccecerieririiinienenienienecicneeee 58
4.3.5 Hasil klasifikasi Sentimen Menggunakan Algoritma BERT....... 59
4.4 Hasil EDA ...oooiiiiiee et 60
4.5 Hasil Preprocessing Data...........ccccoccueeviieiiieniieiiieieeieeeee e 68
4.6 Hasil Model Prediksi Harga Saham ............ccccoevvviiiniiienieeieee, 70
4.6.1 Pemilihan Kombinasi Fitur ........cccooceeviiiiniininiinicceeee 70
4.6.2 Komparasi Model.........ccccoeeiiiiiiiiieiiieeieecee e 72
4.7 Evaluasi dan Analisis Hasil..........ccccoooiiiininiiniinieceee, 79
4.7.1 Dampak Integrasi SENtimen ..........ccccueeevureeeiuieenieeeniieenveeesveeenns 79
4.7.2 Analisis Hasil .......cocooviiiiiiiniiiiieeee e 80
BAB V KESIMPULAN DAN SARAN .....cootiteirieneeeeteseee e 82
5.1 KeSIMPUIAN ..o 82

viii



5.2 Saran..
LAMPIRAN

X



DAFTAR GAMBAR

Gambar 2. 1 Arsitektur Neural Network ..........cooceeveviiiiniiniininienecene 17
Gambar 2. 2 Arsitektur BERT ..o, 19
Gambar 2. 3 Arsitektur RNN ..o 22
Gambar 2. 4 Representasi Time-Layered dari (Gambar 2.3)........c.ccceeuneeen. 22
Gambar 2. 5 Arsitektur LSTM ......ooiiiiiiiieeee e 24
Gambar 2. 6 ArsiteKtur ELM ......cccociiiiiiiiiiiieeeeceeeesee e 25
Gambar 3. 1 Alur penelitian dengan pendekatan waterfall .......................... 33
Gambar 3. 2 Visualisasi pergerakan harga saham AMRT dari dataset
AMRTLCSV ittt sttt 34
Gambar 3. 3 Pergerakan harga saham AMRT dari platform Tradeview.....34
Gambar 3. 4 Flowchart Proses Crawling Data Tweet ..........cccccceeviveiiiennnnnne 38
Gambar 3. 5 Flowchart proses klasifikasi dan Integrasi data Sentimen ...... 41
Gambar 3. 6 Proses pembuatan model prediksi tanpa sentimen.................. 47
Gambar 3. 7 Proses pembuatan model prediksi dengan integrasi data
111500013 1 RO OSSR SUPRRRPRROPRO 49
Gambar 4. 1 Distribusi kategori SENtimen ............ccceeeeveereeeieenieeieeneenneens 59
Gambar 4. 2 Visualisasi pergerakan harga saham AMRT dari 20-01- 2024
sampal 20-01-2025.....ccueiieiieeieeeee et ebae e 63
Gambar 4. 3 Visualisasi pergerakan harga saham AMRT dan sentimen dari
20-01-2024 sampai 20-01-2025 .....ccovieiiirieeiieee e 63

Gambar 4. 4 Visualisasi boxplot dari kolom previous, open_price,
first_trade, dan ClOSE ........cceriiriiiiiiiiiici 67
Gambar 4. 5 Visualisasi boxplot dari kolom high, low, index_individual, dan

Gambar 4. 6 Data harga Saham Setelah Melalui Proses MinMax Scaling .. 70
Gambar 4. 7 Perbandingan Hasil Prediksi dan Data Aktual Model RNN

Tanpa FItur SeNtiMen .......cc.cocveviiiiiiiiniiiereeseeeeeeeee s 74
Gambar 4. 8 Perbandingan Hasil Prediksi dan Data Aktual Model RNN
Dengan Fitur Sentimen .........cceeviieeiiieeiieeeiee e e 74
Gambar 4. 9 Perbandingan Hasil Prediksi dan Data Aktual Model LSTM
Tanpa Fitur SeNtimen ..........cccveeiiiieiiie et 76
Gambar 4. 10 Perbandingan Hasil Prediksi dan Data Aktual Model LSTM
Dengan Fitur Sentimen ..........cccueeviieiieniieiierie et 76
Gambar 4. 11 Perbandingan Hasil Prediksi dan Data Aktual Model ELM
Tanpa Fitur SeNtimen ........cceoouieiiieiiiieiieiie e e 77
Gambar 4. 12 Perbandingan Hasil Prediksi dan Data Aktual Model ELM
Dengan Fitur Sentimen .........ccceeviieiienieiiiesie et 78



DAFTAR TABEL

Tabel 4. 1 keterangan setiap kolom dari dataset AMRT.CSV ......ccccouvruennnne 52
Tabel 4. 2 keterangan tiap kolom pada dataset sentimen...........c..ccccvveeneee. 53
Tabel 4. 3 Input dan Output dari Kode Program 4.1 ..........ccceeveviiiviennnnne 55
Tabel 4. 4 Input dan Output dari Kode Program 4.2...........ccceevevvieiiennnne 56
Tabel 4. 5 Hasil evaluasi metode klasifikasi sentimen...........ccccceeeeeeiueennnenne 58
Tabel 4. 6 Jumlah data sentimen tiap klasifikasi.........c.ccccceeevievieniiinnennnns 59
Tabel 4. 7 nilai mean, min, max, dan standar deviasi dataset ..................... 61
Tabel 4. 8 Nilai Q1, Q2, dan Q3 dataset ...........ccoueeeervreecrreeecieeeiieeeree e 62
Tabel 4. 9 Hasil uji skor korelasi terhadap kolom target............cccceevuvennnne 65
Tabel 4. 10 Jumlah missing value tiap kolom dari dataset AMRT............... 66
Tabel 4. 11 Hasil Pelatihan Model RNN Dengan Beberapa Kombinasi Fitur
TRIDATK ... e 70
Tabel 4. 12 Hasil Pelatihan Model LSTM Dengan Beberapa Kombinasi
FAtur Terbaik .......ooueeiiiieiieiece e 71
Tabel 4. 13 Hasil Pelatihan Model ELM Dengan Beberapa Kombinasi Fitur
TEIDATK ...t 71
Tabel 4. 14 Perbandingan Hasil Uji Model RNN Tanpa dan Dengan

NS 1181010157 | DO OSSOSO 73
Tabel 4. 15 Perbandingan Hasil Uji Model LSTM Tanpa dan Dengan

NS 11800115 | DO OSSOSO PO P SO P T PORPTUPPPRN 75
Tabel 4. 16 Perbandingan Hasil Uji Model ELM Tanpa dan Dengan
SENEIMEIL. ...ttt sttt ettt et ebee e 77

Xi



DAFTAR KODE PROGRAM

Kode Program 4. 1 Fungsi Python Untuk Proses Text Cleaning .
Kode Program 4. 2 Fungsi Python Untuk Melakukan Stemming

Xii



Daftar Pustaka

[1] R. F. T. Wulandari and D. Anubhakti, “IMPLEMENTASI ALGORITMA
SUPPORT VECTOR MACHINE (SVM) DALAM MEMPREDIKSI
HARGA SAHAM PT. GARUDA INDONESIA TBK,” IDEALIS :
InDonEsiA journal Information System, vol. 4, no. 2, pp. 250-256, Jul.
2021, doi: https://doi.org/10.36080/idealis.v4i2.2847.

[2] A. Basit and S. Haryono, “ANALISIS PENGARUH STABILITAS
POLITIK DAN FAKTOR EKONOMI TERHADAP INDEKS HARGA
SAHAM GABUNGAN,” Jurnal Aplikasi Akuntansi, vol. 5, no. 2, pp.
220-237, Apr. 2021, doi: https://doi.org/10.29303/jaa.v5i2.96.

[3] A. Nurjanah, I. Zamzam, and Z. Zainuddin, “Mengungkap Gejolak Pasar:
Analisis Volatilitas Saham dan Volume Perdagangan LQ45 Sebelum dan
Selama Pandemi Covid-19,” Jurnal Ekonomi Bisnis, Manajemen dan
Akuntansi (JEBMA), vol. 4, no. 1, pp. 130-140, Feb. 2024, doi:
https://doi.org/10.47709/jebma.v4i1.3533.

[4] Adji Widodo and Tria Silvana Fadillah, “Pengaruh Inflasi, Bi Rate Dan
Kurs Terhadap Indeks Harga Saham Gabungan (Ihsg) Periode Tahun 2011
— 2021, Jurnal Ilmiah Swara MaNajemen (Swara Mahasiswa
Manajemen), vol. 2, no. 4, pp. 415415, Dec. 2022, doi:
https://doi.org/10.32493/jism.v2i4.25391.

[5] M. G. Pradana, A. C. Nurcahyo, and P. H. Saputro, “PENGARUH
SENTIMEN DI SOSIAL MEDIA DENGAN HARGA SAHAM
PERUSAHAAN,” Edutic - Scientific Journal of Informatics Education,
vol. 6, no. 2, May 2020, doi: https://doi.org/10.21107/edutic.v6i2.6992.

[6] A. Dwiyanto, E. C. Djamal, and Asri Maspupah, “Prediksi Harga Saham
menggunakan Metode Recurrent Neural Network,” Seminar Nasional
Aplikasi Teknologi Informasi (SNATTI), Aug. 2019.

[7] F. A. Prasetyo, S. Nugroho, and A. Setiawan, “Prediction of stock closing
price PT. Telkom Indonesia with LSTM method,” AIP Conference
Proceedings, vol. 2730, p. 020170, 2023, doi:
https://doi.org/10.1063/5.0122363.

[8] Nasution, Mentari Adiza Putri, I. Cholissodin, and I. Indriati, “Prediksi
Price Earning Ratio Saham Menggunakan Algoritme Kernel Extreme
Learning Machine (Studi Kasus: PT TELKOM),” Jurnal Pengembangan
Teknologi Informasi dan [lmu Komputer, vol. 4, no. 10, pp. 3455-3462,
2020.

[9] N. Afrianto, D. H. Fudholi, and S. Rani, “Prediksi Harga Saham
Menggunakan BiLSTM dengan Faktor Sentimen Publik,” Jurnal RESTI
(Rekayasa Sistem dan Teknologi Informasi), vol. 6, no. 1, pp. 41-46, Feb.
2022, doi: https://doi.org/10.29207/resti.v611.3676.

[10] F. A. Ryandi, D. Pratiwi, and S. Sari, “Analisis Sentimen Masyarakat Di
Media Sosial X Terhadap Kemenkes Dengan Naive Bayes dan SVM,”
Jurnal Sains dan Teknologi, vol. 7, no. 1, pp. 1-6, 2025, Accessed: May
20, 2025. [Online]. Available:
https://ejournal.sisfokomtek.org/index.php/saintek/article/view/4615

[11] K. Adib, M. R. Handayani, W. D. Yuniarti, and K. Umam, “Opini
Publik Pasca-Pemilihan Presiden: Eksplorasi Analisis Sentimen Media
Sosial X Menggunakan SVM,” SINTECH (Science and Information

xiii


https://doi.org/10.36080/idealis.v4i2.2847
https://doi.org/10.47709/jebma.v4i1.3533
https://doi.org/10.32493/jism.v2i4.25391
https://doi.org/10.21107/edutic.v6i2.6992
https://doi.org/10.1063/5.0122363

Technology) Journal, vol. 7, no. 2, pp. 80-91, Aug. 2024, doi:
https://doi.org/10.31598/sintechjournal.v7i2.158]1.

[12] Nugroho, Athaya Reyhan, “Analisis Pengaruh Sentimen Masyarakat
Terhadap Prediksi Persentase Keuntungan Saham Dengan Pendekatan
Deep Learning - ITS Repository,” Its.ac.id, 2025, doi:
http://repository.its.ac.id/116848/1/5027211067-

Undegraduate Thesis.pdf.

[13] Adiyatma, F. A., Alam, S., & Komara, M. A. (2024). ANALISIS
SENTIMEN MASYARAKAT DI PLATFORM X TERHADAP

PENGGUNAAN BANSOS UNTUK MEMENANGKAN SALAH
SATU CAPRES TERTENTU DI PILPRES 2024 MENGGUNAKAN
METODE NAIVE BAYES CLASSIFIER. JATI (Jurnal Mahasiswa
Teknik Informatika), 8(%), 9941-9947.
https://doi.org/10.36040/jati.v8i5.10836

[14] F. Koto, J. H. Lau, and T. Baldwin, “IndoBERTweet: A Pretrained
Language Model for Indonesian Twitter with Effective Domain-Specific
Vocabulary Initialization,” Proceedings of the 2021 Conference on
Empirical Methods in Natural Language Processing, 2021, doi:
https://doi.org/10.18653/v1/2021.emnlp-main.833.

[15] Mohamed Al Guindy, J. P. Naughton, and R. Riordan, “The evolution
of corporate twitter usage,” Journal of business finance & accounting, vol.
51, no. 34, pp- 819-845, Oct. 2023, doi:
https://doi.org/10.1111/jbfa.12758.

[16] B. Mathayomchan, V. Taecharungroj, and W. Wattanacharoensil,
“Evolution of COVID-19 tweets about Southeast Asian Countries: topic
modelling and sentiment analyses,” Place Branding and Public
Diplomacy, Sep. 2022, doi: https://doi.org/10.1057/s41254-022-00271-5.

[17] C. A. Scolari, “The Evolution of Twitter: An Entangled History of
Intermedia Relationships,” International Journal of Communication, vol.
19, no. 0, p. 23, 2025, Available:
https://ijoc.org/index.php/ijoc/article/view/23006

[18] “Breaking down the boom - Analysing 2023’s stock market success,”
Quoniam, 2023. https://www.quoniam.com/en/article/analysing-2023s-
stock-market-success/ (accessed May 21, 2025).

[19] Y. Ait-Sahalia and D. Xiu, ““A Hausman test for the presence of market
microstructure noise in high frequency data,” Journal of Econometrics,
vol. 211, no. I, pp. 176-205, Jul. 2019, dot:
https://doi.org/10.1016/].jeconom.2018.12.013.

[20] A. Walenciak and A. Yang, “Evaluating the Impact of Twitter
Sentiment on Stock Market Performance: A Multi-Period Analysis.”
Accessed: Sep. 27, 2024. [Online]. Available:
https://thesis.eur.nl/pub/73766/610851.pdf

[21] A. G. Katsafados, Sotirios Nikoloutsopoulos, and G. N. Leledakis,
“Twitter sentiment and stock market: a COVID-19 analysis,” Apr. 2023,
doi: https://doi.org/10.1108/jes-09-2022-0486.

[22] K. Guo and H. Xie, “Deep learning in finance assessing twitter

sentiment impact and prediction on stocks,” Peer] Computer Science,

Xiv


https://doi.org/10.31598/sintechjournal.v7i2.1581
https://doi.org/10.36040/jati.v8i5.10836
https://doi.org/10.18653/v1/2021.emnlp-main.833
https://doi.org/10.1111/jbfa.12758
https://ijoc.org/index.php/ijoc/article/view/23006
https://doi.org/10.1016/j.jeconom.2018.12.013
https://thesis.eur.nl/pub/73766/610851.pdf
https://doi.org/10.1108/jes-09-2022-0486

vol. 10, pp. e2018—e2018, May 2024, doi: https://doi.org/10.7717/peet;j-
cs.2018.

[23] H. Abdollahi, Fjesme, Sturla Lyngnes, and E. Sirnes, “Measuring
Market Volatility Connectedness to Media Sentiment,” Ssrn.com, Oct.
2022. https://papers.ssrn.com/sol3/papers.cfm?abstract id=4709058
(accessed May 21, 2025).

[24] “Profil Bisnis dan Keuangan Kuat, Alfamart (AMRT) Raih Peringkat

Nasional AA)” Emitennews.com, 2024.
https://www.emitennews.com/news/profil-bisnis-dan-keuangan-kuat-
alfamart-amrt-raih-peringkat-nasional-aa#google vignette (accessed

May 21, 2025).

[25] PTINDO PREMIER SECURITIES, “Financial Statements Full Year
2023 of AMRT,” IPOTNEWS, Mar. 25, 2024.
https://www.indopremier.com/ipotnews/newsDetail.php?jdl=Financial S
tatements_Full Year 2023 of AMRT&news id=440412&group news
=RESEARCHNEWS&news date=&taging subtype=PG002&name=&s
earch=y general&q=%2Cé&halaman=1 (accessed May 21, 2025).

[26] Dwiki Fatur Rizki and Naka Supriadi, “Comparison of Alfamart and
Indomaret Supply Chain Efficiency in Handling Consumer Demand in
Indonesia,” American Journal of Economic and Management Business
(AJEMB), wvol. 3, no. 6, pp. 144-153, Jul. 2024, doi:
https://doi.org/10.58631/ajemb.v3i6.100.

[27] Rinda Putri Maharani, Rina Fariana, and Widiar Onny Kurniawan,
“ANALISIS PENGARUH PENERAPAN GOOD CORPORATE
GOVERNANCE DAN BALANCED SCORECARD TERHADAP
KINERJA MANAIJERIAL PT.SUMBER ALFARIA TRIJAYA, Tbk
(Alfamart Sidoarjo),” Journal of Sustainability Bussiness Research
(JSBR), wvol. 5, mno. 2, pp. 72-80, Jun. 2024, doi:
https://doi.org/10.36456/jsbr.v5i2.9142.

[28] Listiyana Listiyana, “Customer Satisfaction at Alfamart Raya
Sukodono: a Study on Product Quality and Service Excellence,”
Manazhim : Jurnal Manajemen dan [lmu Pendidikan, vol. 5, no. 2, pp.
712-725, Aug. 2023, doi: https://doi.org/10.36088/manazhim.v5i2.3411.

[29] Alvi Diani Khoirunissa, Luki Ramdani, and Umi Kaltum, “Strategy
Analysis of PT. Sumber Alfaria Trijaya TBK,” Ganaya : Jurnal Ilmu
Sosial dan Humaniora, vol. 5, no. 4, pp. 465473, 2022, doi:
https://doi.org/10.37329/ganaya.v5i14.2811.

[30] F. A. Neo Sibghat Ullah Bazai, Shah Marjan, Laila Baloch, Saad
Aslam, Angela Amphawan, Tse Kian, “A Comprehensive Survey on
Sentiment Analysis Techniques,” 1JTech - International Journal of
Technology. https://ijtech.eng.ui.ac.id/article/view/6632

[31] F. Panjaitan, W. Ce, H. Oktafiandi, G. Kanugrahan, Y. Ramdhani, and
V. H. C. Putra, “Evaluation of Machine Learning Models for Sentiment
Analysis in the South Sumatra Governor Election Using Data Balancing
Techniques,” Journal of Information Systems and Informatics, vol. 7, no.
1, pp- 461-478, Mar. 2025, doi:
https://doi.org/10.51519/journalisi.v7i1.1019.

XV


https://doi.org/10.58631/ajemb.v3i6.100
https://doi.org/10.36456/jsbr.v5i2.9142
https://doi.org/10.36088/manazhim.v5i2.3411
https://doi.org/10.37329/ganaya.v5i4.2811
https://ijtech.eng.ui.ac.id/article/view/6632

[32] Ata Amrullah, “Advanced Sentiment Analysis Using Deep Learning:
A Comprehensive Framework for High-Accuracy and Interpretable
Models,” Intellithings Journal, vol. 1, no. 1, pp. 21-31, 2025, Accessed:
May 22, 2025. [Online]. Available: https://e-
jurnal.unisda.ac.id/index.php/intellithings/article/view/8972

[33] M. Kumar, L. Khan, and H.-T. Chang, “Evolving techniques in
sentiment analysis: a comprehensive review,” Peer] Computer Science,
vol. 11, p. €2592, Jan. 2025, doi: https://doi.org/10.7717/peerj-cs.2592.

[34] Christophorus Bintang Saputra and D. P. Koesrindartoto,
“Pemanfaatan Analisis Sentimen Youtube untuk Prediksi Harga Saham:
Studi pada Investor Retail Indonesia,” Jurnal Manajemen, vol. 21, no. 1,
pp. 1-17, Jul. 2024, doi: https://doi.org/10.25170/jm.v21i1.5184.

[35] M. K. Pasaribu et al., “Utilizing X Sentiment Analysis to Improve
Stock Price Prediction Using Bidirectional Long Short-Term Memory,”
Jurnal Ilmu Komputer dan Informasi, vol. 18, no. 1, pp. 103—111, Dec.
2024, doi: https://doi.org/10.21609/jiki.v18i1.1428.

[36] P.Tyas, R. Sarno, and Bagus Setya Rintyarna, “Analisis Perbandingan
Metode Klasifikasi Sentimen Berita Saham: Pendekatan Machine
Learning, Deep Learning, Transfer Learning, dan Graf,” Jurnal Penelitian
IPTEKS, wvol. 9, no. 1, pp. 5864, Jan. 2024, doi:
https://doi.org/10.32528/penelitianipteks.v9il.1479.

[37] K. Choudhary et al., “Recent advances and applications of deep
learning methods in materials science,” npj Computational Materials, vol.
8, no. 1, Apr. 2022, doi: https://doi.org/10.1038/s41524-022-00734-6.

[38] 1. H. Sarker, “Deep Learning: a Comprehensive Overview on
Techniques, Taxonomy, Applications and Research Directions,” SN
Computer  Science, vol. 2, no. 6, Aug. 2021, doi:
https://doi.org/10.1007/s42979-021-00815-1.

[39] F. Mehmood, S. Ahmad, and T. K. Whangbo, “An Efficient
Optimization Technique for Training Deep Neural Networks,”
Mathematics, vol. 11, no. 6, p. 1360, Jan. 2023, doi:
https://doi.org/10.3390/math11061360.

[40] X. Liang, “Stock Market Prediction with RNN-LSTM and GA-
LSTM,” SHS Web of Conferences, vol. 196, p. 02006, 2024, doi:
https://doi.org/10.1051/shsconf/202419602006.

[41] S. Ouf, M. E. Hawary, A. Aboutabl, and S. Adel, “A Deep Learning-
Based LSTM for Stock Price Prediction Using Twitter Sentiment
Analysis,” International Journal of Advanced Computer Science and
Applications, vol. 15, no. 12, 2024, doi:
https://doi.org/10.14569/ijacsa.2024.0151223.

[42] W. K. Setiadi, V. R. Prasetyo, and F. D. Kartikasari, “Comparison of
Extreme Learning Machine Methods and Support Vector Regression for
Predicting Bank Share Prices in Indonesia,” Teknika, vol. 13, no. 2, pp.
219-225, Jun. 2024, doi: https://doi.org/10.34148/teknika.v13i2.856.

[43] 1. Nabillah and I. Ranggadara, “Mean Absolute Percentage Error

untuk Evaluasi Hasil Prediksi Komoditas Laut,” JOINS (Journal of
Information System), vol. 5, no. 2, pp. 250-255, Nov. 2020, doi:
https://doi.org/10.33633/joins.v512.3900.

Xvi


https://e-jurnal.unisda.ac.id/index.php/intellithings/article/view/8972
https://e-jurnal.unisda.ac.id/index.php/intellithings/article/view/8972
https://doi.org/10.7717/peerj-cs.2592
https://doi.org/10.25170/jm.v21i1.5184
https://doi.org/10.21609/jiki.v18i1.1428
https://doi.org/10.32528/penelitianipteks.v9i1.1479
https://doi.org/10.1038/s41524-022-00734-6
https://doi.org/10.1007/s42979-021-00815-1
https://doi.org/10.3390/math11061360
https://doi.org/10.1051/shsconf/202419602006
https://doi.org/10.14569/ijacsa.2024.0151223
https://doi.org/10.34148/teknika.v13i2.856

[44] C. Miller, T. Portlock, D. M. Nyaga, and J. M. O’Sullivan, “A review
of model evaluation metrics for machine learning in genetics and
genomics,” Frontiers in Bioinformatics, vol. 4, Sep. 2024, doi:
https://doi.org/10.3389/tbinf.2024.1457619.

[45] Pranjali Kasture and Kamini Shirsath, “Enhancing Stock Market
Prediction: A Hybrid RNN-LSTM Framework with Sentiment Analysis,”
Indian journal of science and technology, vol. 17, no. 18, pp. 18801888,
Apr. 2024, doi: https://doi.org/10.17485/ijst/v17i18.466.

[46] K. Kalaiselvi and V. K. David, “Modified Extreme Learning Machine
Algorithm with Deterministic Weight Modification for Investment
Decisions based on Sentiment Analysis,” Recent Advances in Computer
Science and Communications, vol. 16, no. 8, Oct. 2023, doi:
https://doi.org/10.2174/2666255816666230815121119.

[47] N.Arif, Sari, and A. Nugroho, “Klasifikasi Lexicon-Based Sentiment
Analysis Tragedi Kanjuruhan pada Twitter Menggunakan Algoritma
Convolutional Neural Network,” Jurnal Ilmiah Sistem Informasi dan Ilmu
Komputer, vol. 4, no. 1, pp. 166-177, Jan. 2024, doi:
https://doi.org/10.55606/juisik.v411.759.

[48] Fahira Fahira and Cahyo Prianto, “Prediksi Pola Kedatangan Turis
Mancanegara dan Menganalisis Ulasan Tripadvisor dengan LSTM dan
LDA,” Jurnal Tekno Insentif, vol. 17, no. 2, pp. 6983, Oct. 2023, doi:
https://doi.org/10.36787/jti.v17i2.1096.

xvii


https://doi.org/10.3389/fbinf.2024.1457619
https://doi.org/10.17485/ijst/v17i18.466
https://doi.org/10.2174/2666255816666230815121119

