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ABSTRAK

Seiring dengan pesatnya perkembangan teknologi dan peningkatan pengguna
internet di Indonesia, penyebaran berita palsu semakin meluas, menimbulkan
dampak negatif di berbagai bidang. Untuk menangani masalah ini, otomatisasi
deteksi berita palsu menggunakan teknologi Natural Language Processing (NLP)
menjadi penting. Penelitian ini berfokus pada penerapan model deep learning
berbasis transformers, IndoBERT dan MBERT, untuk deteksi berita palsu.
Tujuannya adalah mengembangkan sistem deteksi berita palsu bahasa Indonesia
dengan menerapkan fine-tuning pada model IndoBERT dan MBERT, serta
mengevaluasi performa sistem dalam berbagai skenario. Hasil menunjukkan bahwa
setelah fine-tuning, sistem deteksi berita palsu menggunakan model BERT
mencapai performa yang sangat baik. Parameter optimal untuk IndoBERT adalah
epoch 3, batch size 4, learning rate 1le-5, dropout 0.3, dan weight decay 0.1,
sedangkan untuk MBERT adalah epoch 4, batch size 4, learning rate 2e-5, dropout
0.3, dan weight decay 0.1. IndoBERT unggul dibandingkan MBERT dengan
akurasi 97.64%, precision 97.64%, recall 97.64%, dan F1-score 97.63%, sedangkan
MBERT memiliki akurasi 97.26%, precision 97.27%, recall 97.26%, dan F1-score
97.27%. Ukuran data pelatihan optimal adalah 100% untuk IndoBERT dan 75%
untuk MBERT. Penggunaan tanda baca tidak berpengaruh signifikan pada
IndoBERT, tetapi sedikit meningkatkan akurasi MBERT.

Kata Kunci: Deteksi berita palsu, Fine-tuning, IndoBERT, MBERT,

Transformers.
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ABSTRACT

With the rapid advancement of technology and increasing internet usage in
Indonesia, the spread of fake news has become more widespread, causing negative
impacts in various areas. To address this issue, automating fake news detection
using Natural Language Processing (NLP) technology is crucial. This study focuses
on applying transformer-based deep learning models, IndoBERT and MBERT, for
fake news detection. The aim is to develop an Indonesian fake news detection system
by applying fine-tuning to both IndoBERT and MBERT models and to evaluate the
system's performance across various scenarios. The results show that after fine-
tuning, the fake news detection system using BERT models achieves excellent
performance. The optimal parameters for IndoBERT are epoch 3, batch size 4,
learning rate 1e-5, dropout 0.3, and weight decay 0.1, while for MBERT they are
epoch 4, batch size 4, learning rate 2e-5, dropout 0.3, and weight decay 0.1.
IndoBERT outperforms MBERT with an accuracy of 97.64%, precision of 97.64%,
recall of 97.64%, and Fl-score of 97.63%, compared to MBERT's accuracy of
97.26%, precision of 97.27%, recall of 97.26%, and F1-score of 97.27%. The
optimal training data size is 100% for IndoBERT and 75% for MBERT. Punctuation
usage does not significantly affect IndoBERT but improves MBERT s accuracy.

Keywords: Fake news detection, Fine-tuning, IndoBERT, MBERT,

Transformers.
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